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Guidance:

Improve conditioning influencing training
- Classifier guidance

- Classifier-free guidance

Conditioning:

What information guides sampling?
- LR reference

- SR reference

- Feature reference

- Text-to-Image information

Zi-1 ~ Po (Ze-1 | Ze,X)

Zy ~ l](zt ‘ Zt—l)
State Domain:

How are states represented?
- Pixel Space

- Latent Space

- Frequency Space

- Residual Space

Corruption Space:

What is the target of the forward diffusion? /
What is the start of the backward diffusion?
- Gaussian noise

- Cold Diffusion
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Stage 2: Diffusion Training
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